First of all the authors would like to express their gratitude to Referee #3 because his remarks were really appropriate and allowed the authors to improve the original version of the manuscript. 
. Representation of the Normal Space obtained using the MCP with the TOPKAPI forecasts. The relation between the threshold and the change in the slope of the cumulated distribution function of the original data is shown. Figure 2 . Representation of the Normal Space obtained using the MCP with the TETIS forecasts. The relation between the threshold and the change in the slope of the cumulated distribution function of the original data is shown.
The answer to the question is now easier. Concerning the multi-model approach the previous observations are still true, but the problem is that when N model forecasts are combined together, the joint distribution becomes an (N+1)-variate distribution, which would require 2 N TNDs if each model space is truncated by a threshold. In many cases, it would involve samples statistically not significant. As presented in the manuscript (and correctly understood by the Reviewer #3), the selected truncation threshold, based on the model which better represents the high flows, is used to separate the space in two portions. In practice, if in the basic approach the bi-dimensional joint space of and is divided by the straight line , in the multi-model approach the N+1-variate joint space of and is dived by the hyperplane , where represents the model that better reproduces the high flows. We fully agree with the reviewer comments concerning the not full correctness of taking into account just one model to split the joint space, hence we decided to adopt a new hyperplane form. The truncation in two portions is now based on the hyperplane that cuts all the model axes at the same threshold value, this value is again identified as the one which minimizes the predictive variance of the high flows. The new hyperplane is . In any case, although more appropriate, the new hyperplane adoption has led to marginal differences from the previous results. However, the authors certainly agree with Referee #3 that the methodology should be tested on more cases and this will be made in future research. Figure 14 Figure 14 shows that most of the points fall below the 1:1 line suggesting MCP is consistently overestimating the probability of exceeding a threshold. A more critical discussion of this shortcoming would be appropriate.
C: As already noted, the reliability diagram in

REPLY:
The authors agree with Referee #3 that . The verification has not been made on successive events, but considering all the continuous data record (35 months of hourly prediction with a 6 hours time horizon). The observations of Referee #3 suggested testing the MCP performance considering not just one threshold, but rather the PU quantiles with a 5% interval. This allows to explore all the range of possible threshold values and to have the maximum number of available data falling inside each interval. The manuscript will be updated with the new results. Concerning this new verification, the results highlighted a systematic overestimation of the predictive variance. This overestimation justifies the positive bias for low probabilities values and, although less evident, the negative bias for high probability values observed in Fig. 14. Further analysis allowed identifying the cause of this overestimation, which is due to the failure of the normality hypothesis in the tails. The residuals analysis showed that they are almost normally distributed in the central part, but their empirical distribution has fatter tails due to few data with large residuals. This important issue, resulting from the analysis suggested by Referee #3, has been addressed and will be discussed in an appropriate section in the new manuscript version.
C:
The reliability diagram must be constructed using events that are independent of the events used in calibration. It appears that Figure 14 was constructed from events in the validation period for MCP as shown in Figure 6 . However, this period overlaps with the calibration period for Topkapi and the verification period for the ANN.
REPLY:
Referee #3 correctly pointed out that there is an overlap between the MCP validation period, the TOPKAPI calibration and the ANN verification ones. The authors agree with Referee #3 that the reliability diagram must be constructed using events that are independent from the events used in calibration. In particular validation data, or better operational forecasts data should be used for (a) calibrating and (b) validating MCP. In the revised version, this will be shown on the basis of a second example where the Po river operational forecast data will be used. A fair way of using the data would have been the one depicted in the following figure, where both calibration and validation of MCP is only performed using data in the validation period of all the models. Figure 4 -A correct way of using and testing the model combination Unfortunately this was not possible for several reasons. The main reason was the relatively short length of the record in which only few major events were available. A second reason was that the TETIS model results were not generated by the authors, but received from a second participant to the DIMIP 2 project. This is why it was decided to consider the hydrological model forecasts regardless to their calibration and verification phase. In other words, apart from the ANN model, which validation period data were correctly used (verification data were not used to calibrate but only to stop calibration in order to prevent over-fitting and were also assumed as validation data), the output of the two hydrological models was used as an operational output, without identifying the calibration and the verification periods.
Figure 5 -The data set as it was used in the experiment This procedure, although not fully correct, does not affect substantially the results of the model merging in terms of MCP, if one assumes that all the data used in the uncertainty assessment can be assimilated to "operational forecasts" over a period of time, since they were all produced with the same parameter values, as it happens in operational real time forecasting. The MCP approach can still show the improvement that the combination of more models has with respect to the use of the single model. As mentioned earlier, in the second example, the Po river example, the data used do not relate to any calibration period: they correspond to a series of operational flood forecasts. 
C:
REPLY:
The authors agree with the reviewer. The section named Conclusions will be moved inside the previous sections and more critical conclusions will be added, focusing on 3 main points.
1) Concerning the use of the NQT, this approach has some disadvantages. First of all, it implies to identify additional models to adjust the quantiles outside the range of the historical available data. The proposed technique is quite sensitive to the shape and to the parameters of these models and some precautions in the choice of the subset of observations used for calibrating the tails data must be taken (as it was mentioned when discussing the overestimation of the probability of low quantiles). They must contain a large variety of cases, as required by any Bayesian approach, and in order to reduce the uncertainty on the marginal distribution tails the calibration data must include the highest number of extreme cases. 2) Concerning the TNDs, this technique can be easily developed and applied obtaining good results such as for the study cases where it has been used. The results shown in Fig. 1 demonstrate that the joint distribution is well represented with this technique, even if some unavoidable approximations are still present. Nevertheless, the methodology should be tested considering other catchments with different features and for each specific application the correctness of the joint distribution representation must be verified. However, it must be noted that the use of the TNDs does not affect those cases when the data are homoscedastic. 3) Further discussions concerning the normality hypothesis of the joint distribution will be added.
